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EN RLMM #4/2023

Frankfurt, 13 July 2023

Dear Colleagues,

There are some updates, that we would like to share you:

THE 2023 ANNUAL MEETING OF EN RLMM IN POTSDAM (GER-
MANY) ON 28t & 29" SEPTEMBER — NEW LINK

There is a new link for the registration integrated into the program flyer.
Additionally, please find it here:

LOOKING BACK - BIG DATA HUB - ONLINE SEMINAR ON 29th JUNE

The fifth of a series of seminars of the Big Data Knowledge Hub took place
onJune, 29 2023. Members of the EN RLMM met online to discuss the Anal-
ysis of online job vacancies and skills in demand in North Macedonia. A
presentation was delivered by Aleksandar Kostadinov (Researcher at IDEI-
Skopje, North Macedonia) who presented a project conducted in 2019 using
web scraping for labour market analysis. The presentation was followed by
an open discussion of European experts. Please find attached the Power-
Point Slides and the summary of the session which gives you an impression
on the seminar in case you were not able to join.

The Speaker of the ENRLMM Big Data Working Group is available for any
further information. Eugenia Atin, Tl. +34 688 809 708, E-mail:
e.atin@prospektiker.es

PROJECTS OF MEMBERS OF EN RLMM

The ACSOL project (Acquiring crisis-proof skills through online learning) has
successfully developed an elearning Toolkit for workers of the social care
sector and the arts and culture sector to train themselves in digital
skills. Both sectors have been hit hard by the COVID crisis, so this toolkit tries
to fill the digital skills gap even in traditionally non-technical jobs such as
people-oriented services. Two online courses for the two different sectors
have been designed in five different languages: English, Spanish, Romanian,
German and Italian. Each course focuses on the specific needs of the sector
and compiles material for the worker/ learner to acquire the specific digital
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skills that are relevant to the worker. The project was an Erasmus+ Strategic
Partnership with partners from the EN RLMM including, the Basque Employ-
ment Service (Lanbide), the University of West Timisoara, University of Ex-
eter, University of Milano-Bicocca, University of Magdeburg and Prospek-
tiker. To access the Toolkit please visit the web-
site https://www.lanbide.euskadi.eus/erasmus+/-/acsol or contact Eugenia

Atin directly e.atin@prospektiker.es.

Have a nice summer,

Christa, Jenny, Anja & the EN RLMM Team
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NOTE

Seminars of the Big Data Knowledge Hub
Analysis of online job vacancies and occupations and skills in demand

in North Macedonia
Notes of the online seminar promoted by the Big Data Knowledge Hub of the European Network on
Regional Labour Market Monitoring (ENRLMM). June 29, 2023

The fifth of the Seminars of the Big Data Knowledge Hub took place on June 29, 2023.
The aim of these series of seminars is to offer an opportunity to deepen the Network's
knowledge on how to use Big Data for labour market research and consulting by
presenting practical cases and demonstrations.

The Seminar included a presentation by Aleksandar Kostadinov (Researcher at IDEI-
Skopje) who presented the project “Analysis of online job vacancies and occupations
and skills in demand in North Macedonia”.

The open discussion counted with the participation of: Christa Larsen (IWAK Goethe
University Frankfurt am Main, Germany), Aleksandra Webb (University of the West
of Scotland, UK) and Christian Miller (SECO, Switzerland).

Introduction

Eugenia Atin (Speaker of the Big Data Working Group of the ENRLMM) after the
initial greetings and thanks to the participants, contextualised the session in the work
being done by the Big Data Working Group of the ENRLMM (European Network on
Regional Labour Market Monitoring).

Christa Larsen (Founder and Coordinator of the ENRLMM), then welcomed the
participants in the name of the European Network on Regional Labour Market
Monitoring (ENRLMM) http://regionallabourmarketmonitoring.net/, a nonprofit
network with 400 members across Europe and beyond. The Network shares a common
interest and performs observation on regional labour markets. We are always searching
to bring expert knowledge for evidence-based policy making. Many of us do not have
the resources or the knowledge to explore the demand side, so these Seminars of the
Big Data bring the opportunity to Network members to work with data from the
internet.
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Presentation by Aleksandar Kostadinov

Aleksandar Kostadinov is a Skopje based Expert researcher who has worked as an
economic analyst and researcher on various national and regional projects funded by
the European Commission, ILO, IOM, OECD, USAID, EBRD, the British Council-
Macedonia as well as local entities.

The project’s inspiration was the Cedefop Skills Ovate back in 2019, which only
included the EU countries but no western Balkan countries.

The idea was to use alternative and open-source information, in this case the job
vacancies that are published on a web portal. For this purpose he created a code in
Python to web scrape one job portal: Najdirabota.com.mk, one of the oldest and most
popular portals. The term “big data” is relative because North Macedonia is a small
country so we talk about thousands of vacancies, not millions like in other countries.

As a first step, he analysed the structure of the website and how the objects were
inserted, the position of the vacancy, the qualifications, the short description, the
announce date, the apply Deadline, the geographical areas, and the company name. He
excluded fields such as contact information and personal data.

Aleksandar Kostadinov made a demonstration and opened the tool he used (Jupiter
notebook) to show the participants the python code he created. The dates for scrapping
are also in the code, so you can change them and then you download the new file. The
code only works for this particular website because every website has its own structure,
elements, objects... Also note that some websites have some barriers to stop web
scrapping, for example, “I’m a human” filters.

When you run the code, the scrapping starts, for the inserted period, and creates an
excel file in the desired folder. Aleksandar Kostadinov made the demonstration and
immediately downloaded an excel file of 186 registers for the 3 weeks he had selected.
The excel file contained all the fields mentioned.

Once we collect the data, he matched them with the ISCO. The positions are translated
into the English code. Once we have the ISCO code then we can translate to any
language.

Then he compared his results with the results of the statistical office. The results, as
expected were different for some occupations because some occupations are more
advertised on the internet than others. For example, “professionals”, according to
Aleksandar Kostadinov’s results were nearly 28% of the vacancies, however the
statistical office only counted 7.3%.
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Aleksandar Kostadinov then showed a graph displaying the occupations’ demand over
time. The seasons can be appreciated. There are more vacancies in September-
October, then decrease, then grow again in springtime, there are less during holidays.
The timeline follows the business cycles, so it makes sense.

The dashboard was prepared with Tableau (first he used Power Bl and then he switched
to Tableau which proofed to be better for this task). It is an interactive dashboard,
Intuitive, easy to use, explore, it finds patterns... Power Bl is a Microsoft product and
Tableau has been bought by SalesForce.

You can visualise the data any way you want. Aleksandar Kostadinov showed for
example ISCO 3-digit occupations by selecting the service and sales workers group in
the interactive Tableau tool.

Aleksandar Kostadinov performed another task for one particular occupation “software
and applications developers and analysts”. He took the field related to the qualifications
and with Orange3 by University of Ljubljana (a machine learning software that allows
to create text analysis) identified the words that are more frequently mentioned in the
text. He then obtained a word cloud of skills where javascript and English were the
most demanded skills in the vacancies.

With the same word cloud (an occupation) he looked into the analytical cable. The next
challenge will be to use natural language processing (NLP) and Artificial Intelligence
for network analysis.

Aleksandar Kostadinov has used this technology for another purpose back in 2020. He
used GPT-3 (previous to ChatGPT- Chat GPT is based on GPT models) in a project
commissioned by the Swiss Agency for Development and Cooperation Agency, named
“Beneficiary Assessment of Civica Mobilitas” where the aim was to see how the donor
founding affected the community. There were interviews and textual data was collected
from vast amount of sources and stakeholders. Aleksandar Kostadinov analysed all this
text with GPT-3 to connect the topics that people mentioned in the interviews across
the country and identify by community which are the things that the programme
affected the most. The GPT tool was very helpful to identify the connections and to
present it to the public.

Another use of the online job vacancy analysis was during lock-down. Aleksandar
Kostadinov ran the analysis for the period January- April 2020 to see how curfew and
lockdowns imposed by governmental authorities affected the labour demand. Policy
makers did not know what to do during these periods and LFS was postponed by the
State Statistical Office, so authorities relied on the administrative data from the PES,
but many people could not make the registrations so it was difficult to estimate what
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was going on. Through the OJV analysis it was easy and free of charge to see what was
happening, what the trends were.

The Ukrainian Central Bank also started to issue similar graphs, which demonstrate
that their OJVs were normal before the Russian invasion and then just dropped. UCB
also measures the demand for certain occupations.

This indicator could be used by Eurostat or National Banks because it is reliable,
although you need the collaboration of the sources. There are also tools that could be
used like the memorandum of collaboration in order to secure non restricted flow of
data.

Aleksandar Kostadinov performed the analysis without the website’s consent although
he obtained it later. When doing web scrapping, you burden their servers so portals
may block the process, which poses a risk for continual research.

As a conclusion, this task was scholar, but very useful information was extracted so it
has a huge potential for the future. The main conclusions of this particular analysis in
North Macedonia are:

- Requested skills and occupations can be easily tracked, and the information
utilised to quickly adjust policy responses to ensure a better matchmaking
process in the labour market;

- The level of demand for technicians and associate professionals is similar and
relatively high in both sets of data, while requests for plant and machine
operators and assemblers is high only in the survey-based data;

- Issues with the sources related to: Agricultural workers, Public sector jobs;

- Possibilities for Geolocation of the posts, obtaining through API or data sharing;

- Better data registry system could significantly increase the effectiveness and
comparability of data.

Aleksandar Kostadinov recommends using some basic rules — for example, introducing
ISCO occupations, using ESCO libraries for skills and qualifications, properly entering
job location, time and NACE sector — this would produce a more useful and relevant
dataset for analysis. Aleksandar Kostadinov used ISCO, and ESCO will probably offer
more alignment with Cedefop’s Skill Ovate, data sets will be more comparative.

OPEN DISCUSSION

Christa Larsen (IWAK Goethe University Frankfurt am Main, Germany) was
impressed by the use of network analysis for visualisation purposes. She wanted to
know in what context this might be useful and who could be interested in network
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relations? She also liked how trends are shown overtime and the relations with major
events. In regions we have lots of transformation purposes, so it could be very
interesting to follow trends over time. Could trends be analysed at this regional level
for this purpose?

Aleksandar Kostadinov responded that the network analysis he performed was in the
context of the “Beneficiary Assessment” project which collected a huge amount of
textual data on different topics. It was not related to the labour market research and was
textual data obtained from many respondents across the country. For the analysis,
Aleksandar used GPT-3 in order to connect the data, topics and insights. GPT-3 as a
system provided many insights and connections among the topics spoken by the
respondents.

GPT -3 is a powerful system developed on Al language model, trained on huge
amount of data available from the entire net. Data for training the model was obtained
through various methods, such as web scrapping, libraries, registers, databases etc.
Web scrapping process however was also done on social media like Twitter and
Facebook, which later imposed limits to access of their content.

Given that the most of the social media platforms are US based companies (such as
Twitter, Facebook, Instagram and similar) data ownership is theirs and the access of
data to European companies is somehow limited, despite the fact that lot of personal
data contained on such platforms comes from European citizens. Such status is
advantageous to USA companies that can process and analyse the data, perform
profiling and monitor the trendlines. Ideally, this data could be shared with
researchers to see the labour market trends and correlated with green jobs for
example.

Aleksandra Webb (University of the West of Scotland, UK) thanked the speaker for
acknowledging that through the vacancies of the job portals we do not have the
complete picture of the labour market because some occupations are not represented.
She asked the speaker about his position towards geolocation, in particular with regard
to digital nomad working cultures, to what extent the skills profiles are made according
to what the companies demand, rather than the region. Because this could have huge
implications for policy responses in skills and development.

Aleksandar Kostadinov said that a Serbian thinktank developed a Gig Meter that
scrapes freelancer platforms (around 10 countries). They perform analysis but do not
include job analysis. They developed a paper for the ETF last year and talk about 2
types of platform workers, those working on global platforms and those working on
local platforms.
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Christian Muller (SECO) raised the returning question of the quality of data. There is
a part of the labour market, e.g. the gastronomy sector, which recruits though word of
mouth and is not present in the job portals. Another issue already raised in the last
bullet of the conclusions is to have the big portals to agree on some standards for the
data. There is competition between the job portals. They want to use unique systems to
differentiate from each other instead of using ISCO or some other standard, so what
can we do it about it? How to encourage job portals to standardise the way they publish
the vacancies? We could try to give them something in exchange, give the job portals
analysis or research products. Aleksandar Kostadinov responded that in his case he did
not approach the job portal to ask for a different data entry but does not think that they
would be willing to change their system. Us, researchers, could compare several job
portals and adjust. Another way is to use the PES portal, in Macedonia for example, it
Is mandatory to register the job offer in the PES, although you can either make it public
or private posting. He agrees that it is not sufficient data to have the complete picture,
but overtime it improves. With Al is going to improve even more, we will soon be able
to identify hard to find jobs, hard to find skills, things are moving very fast.

Aleksandra Webb (University of the West of Scotland, UK) pointed out that there is
little collaboration but there is a lot of opportunity. We should try to suggest action
points and create spaces for all to come together and collaborate, employers, public,
job portal and PES.

Since there are no further comments about Aleksandar Kostadinov’s presentation, he
now explains some potential lines which could be further researched:

1) The touristic booking portals (e.g. Booking.com, Trivago) hold a lot of data about
accommodation in certain areas. They could share their statistics with the region so
that the regions can prepare accordingly. The hospitality sector would be aware of the
occupancy rate in the different periods, and they could forecast the number of staff
needed.

2) LinkedIn can also be a source of skills supplies and movements of professionals.
There are tools to web scrape LinkedlIn even though they do not want to be scrapped.

3) APIs can be used in many web pages. Many sites do not wish to be web scraped
without permission, so they grant you access through API (e.g. New York Times,
Guardian). In these newspapers for example you can perform sentiment analysis
through machine learning tools using keywords.

4) WikiData is web scraping Wikipedia, you download the data though the WikiData
Portal. With a few lines of codes you can search in Wikipedia. You can then extract
lots of correlations. It is not a scientific source and it is not always reliable but it can
be used for certain purposes.



@
r‘"‘q European Network on Regional Labour Market Monitoring

5) One possible research is the Digital Intensity Occupations (DI10O) index. It is not part
of the Skills Ovate Portal. The digital skills demand is more intense in some
occupations than others and in some regions than others. There is going to be a gap that
could be measured with this DIO index. This gap is expected to grow in the future. For
the same occupation/ industries, some countries/industries will demand more digital
skills than others.

Aleksandra Webb (University of the West of Scotland, UK) is concerned about the
privacy issues that are raised by the use of the data for example in the case of
booking.com. She is also worried that we could further deteriorate the jobs and the
working conditions of workers, meaning that when we know that the job has a high
seasonality, then we have more tools and employer excuses to lay off the worker. We
should promote innovative practices such as good contracts that find innovative
responses when there is low demand.

More information will be circulated as always through the Network’s newsletter. Also,
if you are interested in sharing your experiences with the Network, please do so through
the Knowledge Hub https://bigdatahub.uvt.ro/ and contact Eugenia Atin if you wish to
present your project through a Seminar.

Bilbao, July 2023
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ANALYSIS OF ONLINE JOB VACANCIES AND
OCCUPATIONS AND SKILLS IN DEMAND
IN NORTH MACEDONIA

Aleksandar Kostadinov



Methodology

Web scraping in Python: Najdirabota.com.mk;

More than 6,000 OJV between August 2018-August 2019, more than 800 web pages
downloaded;

1. position, 2. qualifications, 3. short_description, 4. announceDate, 5. applyDeadline, 6.
areas, 7. orgName

Regex, an example of Regex: A, [,\t,,+ |, [, \t, ], +, S.

€D Data Data Data
Collection Preparation Visualization

Data @ Data
Analysis Storytelling

www.effectivedatastorytelling.com




The process:

- Once downloaded, the search of occupations field is checked against with the National
Occupational Classification (SSO) to 3 level classification;

- The codes in numbers are then compared and matched with the ones from the ENG version.

A B C D E F G H

qualifications ~ | short_description - announceDate - | applyDeadling - | areas ~ lorgName 'uSCO Ty

MNpogasay/ka BO manonpogameH objexT ales person Kononujan MNpopaeruua so Hoso 4 17/08/2019 24/08/2019 CKONCkK Anra LIB ™ — 522

4

position

1

2

3 | Marauwmonep Bps ocHoBa Ha uneH 22 Toyka 1 cte 07/08/2019 09/09/2019 Cronckn MOCT eKCNPEC MaKeAoHU]a A00e 432
4 | Auctpubytep pabortHo uckycteo u B M L Bosaur Komnawja 3a nponssoactso u gu 29/07/2019 14/07/2019 CKonckm LenTpo-$pyra Looen Bunuua 962
5 | Peuenumonep Anrpomapsketudr 0O uma notpe€ 29/07/2019 15/08/2019 Butoncku AxrpomaprkeTuHr 400 422
3 | Arenr 3a npogamBa n MapreTUHT Mnagm1HcKa KHura, peHomupaHa m 24/07/2019 05/08/2019 Llena MakenoHwja MnafWHCcKa KHWra 522
7 | Aren 32 npogaiba KomnaHwuja 3a nponssoacTeo v np« 20/07/2019 31/07/2019 CKoNcKK Motuka LOO 522
3 | MHbopmaThuap 3apaboTysajTe noaeka cypdate Ha 18/07/2019 03/09/2019 KaBapapeuku Pabota og goma 251
3 | AgmunmcTpaTop PaBoTHO UCKyCTBO MINEKS GROUP DOOEL SKOPJE Kc 18/07/2019 20/08/2019 CKONCKK Muneke Mpoyn gooen Ckonje 334
0| PedeperT 3a npopaxba MNeT LWon TUHA BET uma notpeba ¢ 17/07/2019 31/07/2019 CKONCKK THUHA BET 522
1
2
3
A
5

AFeHT 3@ HEABMKHOCTH 3a Halwm uHTepHu noTpebu 6apam 16/07/2019 31/07/2019 CKONCKK NOPA UHBECT 333
PaboTHwk 3a obesbenysare Hannakay Ha napkuHr 15/07/2019 15/08/2019 CKoncku TRANS INTER 541
Delphi nporpamep .

lw]

elphi programmer Lisin-thewarldslargest virtual-com13/07,/2010 10/08/2010 Hena-Manag HpjrSp-tianads 251
Numap IpapewHa dbupHa uma notpeba o 13/07/2019 08/08/2019 CKONCKK Op6uta KoHcTpakwH 71
JocTaByBay

Muua aeavsepy uma notpeba oa 113/07/2019 27/07/2019 CKONCKK Mpo NOTUCTUK Max 962
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MOST DEMANDED ISCO MAIN OCCUPATIONAL GROUPS % OF TOTAL WEB % OF
(SSO)* TOTAL**

1. Managers

2. Professionals 7.3

®

3. Technicians and associate professionals

4. Clerical support workers 12.1 8.9
5. Service and sales workers 32.5 25.4
6. Skilled agricultural, forestry and fishery workers 1.2
7.Craft and related trades workers 7.1 8.3
8. Plant and machine operators, and assemblers 14.6 5.2
9. Elementary occupations 11.5 9.3

Source: * Data from the SSO news release on job vacancies. ** www.najdirabota.com.mk/. Author’s calculations.
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Number of OJV by month by ISCO Main groups (1 digit)
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Select a group to see details:

Main groups in % of total

1. Managers 0.17%
2. Professionals 27.87%
3. T icians and iate professional 14.76%
4. Clerical support workers 8.90%
5. Service and sales workers 25.40%
6. Skilled agricultural, forestry and fishery workers 0.07%
7. Craft and related trades workers 8.33%
8. Plant and hine op and 5.20%
9. Elementary occupations 9.32%
ISCO Main groups (1 digit)- Total
1. Managers ' ' 10
2. Professionals 1,660
3. Technicians and associate professionals 879
4, Clerical support workers 530
5. Service and sales workers 1,513
6. Skilled agricultural, forestry and fishery worke.. 4
7. Craft and related trades workers 496
8. Plant and machine operators and assemblers 310
9. Elementary occupations 555

Legend
M 1. Managers

2. Professionals
[ 3. Technicians and associate professionals
4. Clerical support workers
M 5. Service and sales workers
" 6. Skilled agricultural, forestry and fishery workers
Bl 7. Craft and related trades workers
8. Plant and machine operators and
[l 9. Elementary occupations

Source: www.najdirabota.com.mk, Data analysis: Aleksandar K

Source: www.najdirabota.com.mk/. Author’s calculations.

Note: The print screen can be seen here: https://public.tableau.com/profile/aleksandarkostadinov#!/vizhome/

Tableau_15891784046170/1SCO
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Figure 11.7. Dashboard of ISCO 2-digit sub-major occupational groups
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Fgure 11.9. Showing ISCO 3-digit occupations by selecting the senvice and sales workers group inthe interactive Tableau tool

ISCO Main groups, 1 - digit

Select a group

Source: wwav.najdirabota.com mk. Data analysis: Aleksandar Kostadinov
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Figure 11.11. Word dloud representing the skills and qualifications most frequently demanded by employers looking
for software and applications developers and analysts
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Table 11.3. Frequency of the top 16 most requested skills and qualifications for IT professionals — ISCO 251.:
Software and applications developers and analysts

WEIGHT WEIGHT WORD

90 javascript 41 analytical

80 sql 37 java
65 html 32 git
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RealHime data and OJVs during the Covid-19 aisis

Number of daily and weekly online job vacancies on the job portal, 1 January-25 April, 2020
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Conclusions

- Requested skills and occupations can be easily tracked, and the information utilised to quickly adjust
policy responses to ensure a better matchmaking process in the labour market;

- The level of demand for technicians and associate professionals is similar and relatively high in both
sets of data, while requests for plant and machine operators and assemblers is high only in the
survey-based data;

- Issues with the sources related to: Agricultural workers, Public sector jobs;
- Possibilities for Geolocation of the posts, obtaining through API or data sharing;
- Better data registry system could significantly increase the effectiveness and comparability of data.

If data entry in online job portals followed some basic rules — for example, introducing ISCO
occupations, using ESCO libraries for skills and qualifications, properly entering job location, time and
NACE sector — this would produce a more useful and relevant dataset for analysis.



New possible sources:

Booking.com, Trivago and similar portals may share statistics for a reservations in
certain area

Linkedin as a source of skills supplies and movements of professionals

Web scrapping through APl e.g. New York Times, Guardian

WikiData

Possible research:
Digital intensity occupations (DIO) index- Seems that there is no on the Skillovate



Thank you!

Q&A

aleksandarkostadinov@yahoo.it
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